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Abstract

This study aims to analyze the impact of Brent crude oil price (BP) fluctuations
on the performance of the Egyptian stock market index, EGX 100. Given the
pivotal role that oil prices play in the global economy, the study focuses on
how oil price volatility affects the Egyptian stock market. Historical data on



Brent crude prices and the EGX 100 index were utilized, and the Causal Forest
model was applied to accurately estimate causal effects. The data was divided
into training and testing sets to ensure the reliability of the results. The
Average Treatment Effect (ATE) was calculated to measure the overall impact
of oil price changes on market performance. The results showed a positive
causal relationship between Brent crude oil prices and the EGX 100 index.
This indicates that oil prices are a significant factor influencing the
performance of the Egyptian stock market. However, the impact may vary

depending on other economic and political factors.
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Distribution of Estimated Causal Effects
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